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Research overview on text sentiment classification methods

ZHANG Huahui'.  QIU Xiaoying', XU Hang’
( 1. College of New Engineering Industry, Putian University, Putian 351100, China ;
2.College of Mechatronics and Information Engineering s Putian University , Putian 351100, China )

Abstract: Text sentiment classification methods show extensive applications in many areas such as online
public opinion. stock prediction, and so on. In order to better investigate the text sentiment classification
methods, a review of recent literatures related to text classification methods for sentiment dictionary, machine
learning, deep learning, aspect level text, implicit text, and cross-domain text are presented. Finally. the
research direction of text sentiment classification methods is prospected.
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H A SCAS I B3 28 07 12 32 A 6 T 15 IR
i AL S R EE A 2] O TR OUAS (B XSO
5 3 SCA G o S A D R I 1 TR, o
FE T ML 2 T 0 SO B 2R 5 vk F AR T
#b 2 D (naive Bayes, NB) | 32 45 1] & #L (support
vector machine, SVM) 1 % i % 2J (ensemble
learning, EL) i SCAS I8 40 2 07 v 5 3 TR B o
2T 1Y SCAAE Sy 28 U v T2 A T B 22 I
#% (convolutional neural networks, CNN) | 1§ ¥ # £
M % (recurrent neural network, RNN)., BERT
(bidirectional encoder representations from trans-
formers) A & #f 25 B 2% (graph neural network,
GNN [ 1i§ 7 07 k.
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