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Korean ancient books character detection method
based on improved HRCenterNet model

GUO Hongzhuang, JIN Xiaofeng
( College of Engineering , Yanbian University ., Yanji 133002, China )

Abstract: In order to reduce the misdetection and omission of small characters in Korean ancient books. an
improved Korean ancient book character detection method based on HRCenterNet model was proposed. First,
replace the 3 X3 convolution operation of the Bottleneck module in HRCenterNet with the Involution operator,
that is. replace the Bottleneck module with the Involution-Bottleneck module. Second, by introducing the effi-
cient channel attention (ECA) mechanism to extend the Involution-Bottleneck module, an improved HRCent-
erNet model based on the IENeck module is proposed. Finally, the improved HRCenterNet model and the orig-
inal model are trained separately using the Korean ancient book dataset, and the precision, recall, and F1 of
different models under different IOUs are tested. The experimental results show that when IOU = 0.6, the
precision, recall and F1 index of the improved HRCenterNet model on the Korean ancient book data set are
better than the original model, and the higher the IOU value, the better the detection effect of the model. This
shows that the improved HRCenterNet model is significantly better than the original model, and can be ap-
plied to the detection of Korean ancient books.
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