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Power load interval forecast based on weighted
Markov modified fuzzy information granule

TONG Lin, HE Qingqging
School of Physics and Electrical Engineering » Liupanshui Normal University , Liupanshui 553004, China

Abstract: Aiming at the problem of fluctuation and low precision in power load forecasting, a method of power
load interval prediction based on weighted Markov modified fuzzy information granules was proposed. Firstly,
the spatial window of power load data series is reconstructed based on fuzzy information granulation (FIG),
and the order autocorrelation coefficients of fuzzy information granules and power load are obtained. Then, a
combination model (FIG-LSTM) based on FIG and LSTM was established to obtain three groups of LSTM
model that could predict different fuzzy particles. Finally, the weighted Markov-FIG-LSTM model is estab-
lished, and the power load prediction interval and trend value are obtained by eliminating the prediction error of
three groups of LSTM models. The example analysis shows that the RMSE, MAE and MAPE indexes of the
Markov-FIG-LSTM model are reduced by 4.78% , 11.37% and 11.72% respectively compared with the FIG-
LSTM model. Therefore, this method can provide effective data support for power grid dispatching.
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