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Cross-lingual entity alignment in Chinese and Korean
based on GAT and TransH
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( College of Engineering s Yanbian University , Yanji 133002, China )

Abstract: To study the automatic alignment method of Chinese and Korean bilingual entities, a cross-language

entity alignment model combining graph attention network (GAT) and knowledge graph embedding model
based on hyperplane translation (TransH) is proposed. Validation of the model using the Chinese and Korean

entity data sets shows that the Hits@1, Hits@5, and Hits@10 of the model reached 49.62% , 80.89% and
91.76% respectively, when aligning Korean to Chinese; when Chinese is aligned with Korean, it reaches

49.79%, 80.74% and 91.67 % respectively. It is better than traditional alignment methods based on knowledge

embedding or graph embedding. Therefore, the model can provide a reference for constructing a Chinese-
Korean alignment knowledge graph and alignment knowledge graph of other languages.
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