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Research on correlation analysis between college entrance
examination information and college program design

course scores based on machine learning

JIN Cheng, CUI Rongyi, ZHAO Yahui”
( College of Engineering s Yanbian University , Yanji 133002, China )

Abstract: In order to study the correlation between college entrance examination information and computer pro-
gramming course (C language) scores, a correlation prediction and analysis model based on stochastic forest
algorithm is proposed. Firstly, the data related to computer science and Technology majors in Yanbian Uni-
versity from 2014 to 2016 were cleaned and screened, and the C language scores were divided into 5 categories
of different levels. Secondly. the college entrance examination information of students is used as a random for-
est classification model of feature training. Finally, LIME explanatory model is used to analyze the correlation
of the most influential characteristics of random forest. The experimental results show that the five character-
istics of student origin. total score, nationality, mathematics and Chinese have the greatest influence on the C
language score. The results of this study can effectively identify the main factors related to different students
academic performance and provide reference for teachers to design reasonable teaching modes for different
groups of students.
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