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Traffic sign recognition method based on multi-scale
convolutional neural network

ZHONG Huijuan, CAI Qingyong
( College of Artificial Intelligence s Yango University s Fuzhou 350015, China )

Abstract: In order to improve the accuracy of automatic traffic sign recognition, we propose a traffic sign rec-
ognition algorithm based on multi-scale CNN. This method uses a three-stage convolutional neural network to
fuse features of three different scales: low-order, medium-order, and high-order; and concatenates multiple
small convolutional layers to replace a single larger convolution layer. In addition, the network hyperparame-
ters such as the number of neurons in the fully connected layer, the dropout parameters, and the sizes of the
convolution kernels are investigated and compared to obtain the best hyperparameter set. Different algorithms
are tested on the German traffic sign recogninion benchmark (GTSRB). Experimental results show that the
proposed algorithm in this paper can effectively extract traffic sign features and obtain recognition accuracy of
99.76 % under a small amount of network parameters, which is obviously superior to the traditional convolu-
tional neural network method and multi-scale feature recognition method. Therefore, the algorithm proposed
in this paper has good usability in the field of image recognition.
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