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Speech emotion recognition based on feature dimension
reduction and parameter optimization
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2. Artificial Intelligence College s Yango University ;
3. Jinshan College , Fujian Agriculture and Forestry University: Fuzhou 350001, China )

Abstract: The traditional BP neural network has been existing some burning questions in the process of speech
emotion recognition, especially the high computational and local optimum trending. Against these shortcom-
ings, we present a novel method of emotion recognition based on feature dimension reduction and parameter
optimization. The recognition method is divided into three stages. In the first stage, it extracts the high-
dimensional joint features of the speech emotion database. This is, in fact, aimingto reduce the complexity of
the problem which is carried out by the fast principal component analysis (Fast_ PAC) method. In the second
stage, genetic algorithm is used to optimize the parameters of BP neural network to avoid the local optimum
problem. Finally, we construct a speech emotion recognition classifier, and take the experiments on the
CASIA Chinese corpus and Berlin German corpus for emotion recognition verification. The experiments show
that the proposed method can effectively reduce the feature dimension of speech emotion comparing with other
competitive methods, such as the traditional support vector machine (SVM) method and the traditional PCA
combined with SVM model recognition method. Furthermore, it demonstrates the advantages of less computa-
tion and higher recognition accuracy.
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