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Abstract: In order to realize multilingual abstractive automatic summarization, a multilingual abstractive auto-
matic summarization method is proposed based on the sequence-to-sequence (Seq2Seq) model. Firstly, accord-
ing to the traditional multilingual automatic summarization method, the corpora of Chinese, English and
Korean languages were trained separately, and three models were obtained to observe their performance on the
test set. Secondly, according to the multilingual automatic summarization proposed in this paper, the method
combined the Chinese, English and Korean corpora together to train a model, and then used this model to run
the test set of Chinese, English and Korean corpus separately to observe the performance of the model. Final-
ly, the same test set was used to test the effect of summarization before and after improving the model. The
experimental results show that the effect of multilingual automatic summarization method proposed in this
paper is similar to the traditional method, but can realize multilingual automatic summarization with only one
model, so it is more applicable than traditional methods.
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