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Research on improved recommender algorithm
based tag and collaborative filtering

JIN Jing, HUAI Libo™~
( College of Engineering s Yanbian University , Yanji 133002, China )

Abstract: Aiming at the problem that the personalized recommendation based on tag and collaborative filtering
(TCF) does not consider the function of rating data and spare user interest tags. this paper proposes an im-
proved recommendation algorithm based on the tag and the collaborative filtering (ITCF), which adds rating
data and extends user interest tag. Firstly, the item feature vector is constructed by the item-tag correlation
degree, and the user feature vector and the user-tag correlation degree are constructed by combining the rate.
Secondly, the tag set of users’ historical preference is extended based on tag similarity and nearest neighbor
user preference. Finally, the experiment is carried out to verify the efficiency of ITCF algorithm on the
Movielens data set. The experimental results show that compared with that of reference [2] and [3] TCF
algorithm, the precision and recall rate of the proposed ITCF algorithm are increased by 2.0% and 1.7 % in the
dense data set, and 0.2% and 0.8% in the sparse data set when the number of recommended items does not
exceed 20. Therefore, the ITCF algorithm proposed in this paper has a good application prospect.

Keywords: recommendation algorithm; cooperative filtering; tag extension; recall rate; precision rate
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