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Random ensemble attribute reduction of
neighborhood rough sets

SHEN Lin

( College of Information Engineering s Putian University , Putian 351100, China )

Abstract: In order to solve the problem that the traditional identification matrix has high spatial complexity,
and is difficult to be applied to large-scale data, an attribute reduction algorithm based on random sampling is
proposed. Firstly, several small sample subsets are randomly extracted to decrease the spatial complexity of
the identification matrix; Secondly, attribute reduction is performed for each sample subset, and the weight of
each attribute subset is calculated. Finally, several attribute subsets with high weights are selected for testing
to find out the most accurate attribute subset. The experimental results show that the proposed method can
reduce the occupied space by 2 to 3 orders of magnitude than traditional identification matrix, and its accuracy
is basically the same as that of the traditional identification matrix.
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