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The improved method based on LDA topic model for
emotion classification of text corpus

GUO Xiaohui

( Institute of Information Engineering s Yango University s Fuzhou 350015, China )

Abstract: An improved weighted W-LLDA emotional classification method is proposed to solve the problem that
the traditional LDA topic model can not reflect the order and relevance among words. Firstly, the average
weighted value is used in the theme sampling and distribution expectation calculation process of the model,
which avoid some important words related to the theme were drowned by high-frequency words. So these
measures contribute to improve the degree of descrimination among the subjects. Secondly, based on the ex-
tracted high-quality document-subject distribution and theme-word vector, with the support vector machine al-
gorithm (SVM) involved, a emotion classification method on comentary corpus is proposed in this article. Its
functions include the analysis and exaction of emotion words, the topic distribution computation and emotion
classifiction. Finally, some experiments are perfomed on the real teaching evaluation data and public comment
data. The experimental results show that the proposed method has many advantages over the classific SVM
and literatur [15] for the degree of descrimination the topics. the classification accuracy and F1-Measure.
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