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Semantic image classification method based on
locality-constrained liner sparse coding in multi-scale space
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Abstract: Adopting pyramid model, in order to make up for these problems, this paper proposes an image se-
mantic classification method by fusing locality-constrained linear coding (LLC) based on multi-scale space and
mage semantic analysis. Firstly, locality-constrained linear coding is adopted to quantify local features of each
block by using spatial pyramid approach, in order to produce the co-occurrence matrix by concatenating all lo-
cal block. Secondly, the probabilistic latent semantic analysis (PLSA) is used to extract the latent semantic in-
formation to obtain the final image representation. Finally, the linear support vector machine (SVM) classifier
is adopted in to improve the classification performance. Experimental results demonstrate that our approach
has high classification performance and time efficiency.
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