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Research on SVD collaborative filtering recommender
algorithm fused items’ attribute feature
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College of Engineering s Yanbian University, Yanji 133002, China )

Abstract: In this paper, a hierarchy-based hybrid recommendation method algorithm is proposed for the sparsi-
ty problem of user-item rating matrix in collaborative filtering. Firstly, this algorithm extracted the attributes
of items by using TF-IDF method, and filled the missing values with cosine similarity in ratings matrix. Then,
the latent factor model was established by doing SVD for the filled matrix to find the latent feature. At last,

the compared experiment was carried on with mode-filling and non-filling model. The experiment results show

that the proposed algorithm can improve the recommended accuracy.
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