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Application of an improved SA-SVM algorithm in
judgment of transaction signals
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Abstract: For solving the problem of parameter setting when using the machine learning algorithm Support
Vector machine to judge the transaction signal, this paper firstly proposed an improved simulated annealing al-
gorithm (triple exchange method) to optimize the selection of the penalty factor “—¢” and the kernel function
“—g” in the LIBSVM Toolbox, then establishing a quantitative timing model based on historical securities
technical indicators. The empirical study shows that the improved ISA-SVM algorithm can not only converge
to the minimum energy better than the two-exchange method and the inverse exchange method, but also can
predict the transaction signal more accurately in the actual investment.
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