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Research of illumination normalization algorithm for
face recognition based on TV-L2 model

LIU Yufeng, XU Chengzhe”
( Department of Eectronic and Communication Engineering , College of Engineering .

Yanbian University, Yanji 133002, China )

Abstract: This paper proposes an illumination normalization algorithm based on TV-L.2 model. The presented
method is utilized to extract the illumination reflectance components which focus on retaining the facial texture
feature information. First, we perform the filtering on face images using TV-L2 model to estimate the illumi-
nation components. Then, obtain the reflectance components of face images in logarithmic domain based on
reflection model. Finally, illumination-independent images are made by normalizing reflectance components of
face images. The experimental result shows that the proposed method requires less computational time and can
efficiently eliminate the influence of illumination variation.

Keywords: face recognition; TV-L2 model; texture information; varying lighting
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