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Research on speech similarity based on frame symbolization

LIU Shuangjun, JIN Xiaofeng, CUI Rongyi”
( Intelligent Information Processing Lab. , Dept. of Com puter Science & Technology

College of Engineering , Yanbian University, Yanji 133002, China )

Abstract: We presented a method to measure similarity of speech by using frame symbolization. Firstly, remo-
ving silence parts from speech segments, MFCC coefficients were extracted from each frame. Secondly, MF-
CC coefficients were classified by KNN-classification algorithm in terms of 4 -means clustering results, and
speech signals to do symbolization processing according to the classification. Finally, speech similarity was

computed by using Levenshtein distance. Experiment results show that frame symbolization makes distinction
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between different speeches are more obvious, and recognition rate has improved significantly.
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